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Regression and the result proves Eigen values effectively used 
for prediction.   
 
 Norfarhana Abdollah et al. [8] focused the study to 
achieve the learning environment of slow learners. The paper 
developed the tool that meet the requirement for the student by 
efficient task and easy learning method. Karthick babu et al. 
[9] suggests the approach of inclusive education for disability 
student learning environment includes methods of teaching 
and better environments with technologies. Gladiola andruseac 
et al. [10] suggests the platform e- learning to combine the 
educational with socio background. Basak Buluz et al. [11] 
present the experimental for the patterns that enlarge the 
importance of the learning model in predicting the educational 
achievement of the students.  Aisha Alsobhi et al. [12] shows 
online learning improves the effectiveness and the need for 
assessment of the excellence of the learning experiences. 
Fatima Ezzahra Ben marrakchi et al. [13] focused the benefits 
of disability students with ICT usage. Aparna et al. [14] 
discussed the various types of extraction methods used for 
both online and offline mining technique. Irina Tal et al. [15] 
present a novel technology improved learning plan by 
providing stem education and progress for disabled students. 
 
 Xiang hong Tian et al. [16] addressed the rule mining 
model for the patterns by finding the difference in the 
educational position of male and female students. Nikolaos C. 
Zygouris et al. [17] provide a helpful technique for LD both in 
study and clinical settings. Anis Zarrad et al. [18] proposed the 
modern learning methods by creating the e-Learning 
environments that append values to the capacity of student and 
become accustomed to constraints. Vinumol et al. [19] 
presents an interactive prototype for supporting learning 
disability students. T-K Wu et al. [20] focused on the model 
neural network and evaluate the strategy of factor optimization 
process. 

III. METHODOLOGY 

A. Objective of the Study 

In this research paper proposed to assess the students with 
learning disability among normal student for the betterment of 
their academic outcomes. From the Fig. 1, shows the 
framework for the dataset reduction and attribute selection to 
predict the performance of students with learning disability. 

B. Dataset Reduction 

 First, the collected data is organized and save it in the 
ARFF format. The dataset is reduced using the dataset 
reduction algorithm by removing the irrelevant data. Using the 
algorithm, the dataset size is reduced by improving the 
memory with less time consuming. 
 
Algorithm for dataset reduction 
D: Dataset 
N: Sequence of elements 
A: Attribute 
Step 1: Data1=D 
Step 2: Sequence= N 
Step 3: i=1 
Step 4: Repeat 
Step 5: For each Ti € D do 
Step 6: flag = 0 
Step 7: for each a € A do 

Step 8: flag=flag v Ti[a] 
Step 9: if (flag=0) 
Step 10: Data1=Data1 - Ti 
Step 11: Sequence = Sequence - 1 
Step 12: Until i<>N 
 

C. Attribute Selection Method 

 The attribute selection method is applied to the dataset 
extracted by dataset reduction algorithm. Based on the 
consequences, the most influenced attribute is identified and 
predicts the important factors for the students with learning 
disability among normal students. The most frequent attribute 
influenced the performance of students with learning disability              
is identified.  
 

 
 
 

Fig. 1 framework for predicting the performance of 
students with LD 

 
 From the Table I show the frequent attributes influenced 
the LD students among normal students. 
 
Table I. Frequent attribute influenced the performance of 

students with learning disability 
 

SNO Attributes influenced LD Student 
among normal student 

1 Hyperactive 

2 Aggressive 

3 Personality Problems 

4 Spatial Relationships 

5 Oral Expressive Language 

6 Receptive Language 

7 Mathematical skills 

8 Sequencing 

9 Abstraction 

DATASET REDUCTION ALGORITHM 

DATASET 

REDUCED DATASET 

FEATURE EXTRACTION TECHNIQUES 

FILTER WRAPPER

EXTRACTION OF MOST SIGNIFICANT 
ATTRIBUTE 

PREDICTING THE PERFORMANCE OF 
STUDENTS WITH LEARNING DISABILITIES 
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