DOI: http://dx.doi.org/10.26483/ijarcs.v8i7. 4484

ISSN No. 0976-5697

Volume 8, No. 7, July – August 2017

International Journal of Advanced Research in Computer Science
RESEARCH PAPER
Available Online at www.ijarcs.info

ENHANCED NOVEL EXUDATE METHOD OF INPAINTING FOR RETINAL
VESSEL SEGMENTATION IN CELLULAR DOMAIN USING CELLULAR
AUTOMATION
Naina Singh

Aarti

M-Tech Student,
Department of Computer Engineering & Technology
Amritsar College of Engineering and Technology,
Amritsar, Punjab, India-143001.

Assistant Professor,
Department of Computer Engineering & Technology,
Amritsar College of Engineering and Technology,
Amritsar, Punjab, India-143001

Abstract: Precise vessel detection within retinal images is a vital and tedious task. Diagnosis of retinal images is actually more challenging in
pathological images with all the latest presence of exudates along with other abnormalities. In this paper, the study indicates that segment
exudates with an unsupervised approach which has come up with better outcomes but unfortunately it suffers from the adverse effect of the
undesirable noise. So it can be further improved by using an adaptive form of Neighbourhood Estimator Before Filling filter (NEBF) in the
Cellular domain using cellular automation. This paper mainly focuses on evaluating the effectiveness; designing and implementation of Adaptive
NEBF filter based retina image segmentation technique in cellular domain
Keywords: vessel segmentation, inpainting, exudates, retina, cellular automation.

1. INTRODUCTION
A. Image Segmentation
Image segmentation is definitely the procedure connected
with partitioning an electronic digital image in to several
segments. The prospective connected with segmentation is
usually to simplify and to modify the rendering connected with
an image in to a little something that is definitely additional
significant and easier in order to analyze. Image segmentation
is generally utilized to find out materials and also limitations
inside an image. Image segmentation is definitely the
procedure connected with delegating the indicate to each pixel
inside a picture along with exactly the same content label share
specified visible traits
In computer prescient vision, image segmentation is
usually particles partitioning an electronic digital photo into
various segments also called super-pixels. The intention of
segmentation should be to make simpler and to alter the
manifestation associated with a photo into one thing that's
more special and much easier in order to analyze. Image
segmentation is commonly employed to seek out things
and restrictions within images. Image segmentation is usually
particles determining a brand to each pixel in the photo
techniques pixels with the exact same brand talk about
specified characteristics.
B. Retinal Vessel Segmentaation
Retinal vessel segmentation algorithms usually are an
elementary piece of programmed retinal disease assessment
systems. By means of examining and revealing of vasculature
components within retinal illustrations, we could very early
diagnose a type 2 diabetes within sophisticated levels in
comparison of the declares of retinal bloodstream vessels.
Segmentation of veins within retinal illustrations will allow
very early diagnosis of disease, using this method gives many
benefits. A vascular system usually mapped by hand which is
the time-consuming method that needs each coaching and
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skill. Automating the task will allow consistency, above all,
saving plenty of time of which an expert professional or even
medical doctor would commonly apply regarding information
screening.

Fig 1: (a) Color Retinal Image (b) Blood Vessel Segmentation
2. PROPOSED TECHNIQUE
C. Adaptive NEBF Filter
A novel inpainting advanced ﬁlter, known as Adaptive
Neighborhood Estimator Before Filling (ANEBF), is utilized
to inpaint any kind of exudates in a way that nearby false
positives are remarkably reduced during vessel enhancement
procedure.
D. Cellular Automation
A cellular automaton is really a distinct style learnt
throughout computability theory, numbers, science, intricacy
science, theoretical biology and also microstructure modeling.
Cell phone automata may also be named cellphone areas,
tessellation automata, homogeneous houses, cellphone houses,
tessellation houses, and also iterative arrays. A cellular
automaton is made common grid of skin cells, each inside one
among your specific quantity of states, just like on plus off.
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The grid might be in different specific quantity of dimensions.
For each and every cell, some skin cells identified as the local
community is defined family of which can help determine the
modern point out for each cell with regards to the latest point
out in the cell as well as the suggests of cellular structure in
their local community.
3. RELATED WORK
Annunziata et al. [1] has presented precise vessel detection
within retinal images is an vital and tedious task. Diagnosis of
retinal images is actually more challenging in pathological
images with all the latest presence of exudates along with other
abnormalities. Retinal vascular enhancement is attained
through a multiple-scale Hessian approach. Chalakkal et al. [2]
has showed a new unsupervised automatic method to segment
the retinal vessels from retinal fundus images. Contrast
enhancement and illumination correction are carried out
through a series of image processing steps followed by adaptive
histogram equalization and anisotropic diffusion filtering. This
image is then converted to a gray scale using weighted scaling.
The vessel edges are enhanced by boosting the detail curvelet
coefficients. Optic disk pixels are removed before applying
fuzzy C-mean classification to avoid the misclassification.
Mohanachandran et al. [3] has presented Accurate visualization
of retinal vasculature is essential for the diagnosis of the
severity of various vascular diseases. Therefore blood vessel
segmentation becomes an indispensable part of computer-based
retinal image analysis systems. Retinal fundus images of
premature infants are of relatively low contrast, and hence
difficult to segment, when compared to adult retina images. An
efficient segmentation method to extract the blood vessel
network of infant retina images by the fusion of guided filter
and mathematical morphology is developed and implemented
in this work.
Tuba et al. [4] has proposed Medical diagnostics has been
significantly improved by introduction of digital imagery,
primarily because of the powerful digital image processing
tools. Digital retinal images are used for diagnostics of various
diseases including diabetes, hypertension, stroke, etc. Ngo et al.
[5] presented Increasing regarding profound mastering
methodologies pulls massive care about its request in image
digesting in addition to classification. Thus following the
particular styles, this study in short, presents state of art
regarding profound mastering applications in health image
caused problems with by using accomplishments regarding
blood vessel segmentation strategies in image of fundus.
Then Wang al. [6] has presented an accurate segmentation
of retinal vessel holding a really vital role in the computeraided eye diseases diagnosis. Existing supervised methods
extract features only from green channel due to its much higher
contrast between vessel and background than in red and blue
channels. However, red and blue channels also contain useful
information for distinguishing vessel from background. Bajceta
et al. [7] presented single method to circulatory detection
around retinal photos using ant colony optimization. Vessel
detection around retina photos is a principal part in automated
prognosis, screening process, procedure, and assessment of
ophthalmologic conditions just like all forms of diabetes, high
blood
pressure,
arteriosclerosis
and
choroidal
neovascularization.
Further Rajashekar et al. [8] presented compares the
performance of three segmentation algorithms, initially
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developed by the team to extract the blood vessel network in
fundus images of infant retina, on publicly available data sets.
We envisage to parameterize any data dependent factor (such
as thresholds) to adapt to the dataset. Experimental results
show that through the proposed supervised-learning approach
to tune parameters, all three segmentation methods can be
adapted to work satisfactorily on fundus images of adult eyes
that are clinically healthy as well as those afflicted with various
pathologies. Roychowdhury et al. [9] has presented iterative
blood
vessel
segmentation supervises
iterative
vein
segmentation criteria applying fundus images. Initial, some sort
of enhanced image can be generated by way of tophat
reconstruction on the environmentally friendly plane image. A
primary approximation on the segmented vasculature can be
extracted by way of international thresholding the ship
enhanced image. then, new ship p are generally discovered
iteratively by way of flexible thresholding on the left over
image generated by way of protecting out the prevailing
segmented ship approximation with the ship enhanced image.
The newest ship p are generally after that area developed into
the prevailing ship, thus caused in a iterative enhancement on
the segmented image.
Dizdaroglu et al. [10] has presented a level set approach has
been developed for segmentation of retinal vasculature.
Because of the structure of blood vessels, it is difficult to
develop such an approach. However, recently many level set
methods have been developed to overcome such problems. In
this study, an approach based on an augmented Lagrangian
method that produces faster and more accurate results for the
segmentation of blood vessels has been proposed. Prasad et al.
[11] presented diabetes retinopathy may be the incapacity of
your retinal blood vessels caused by complications regarding
diabetes, which could eventually lead to loss in vision. The
only real remedy intended for this matter can be using the
retinal tests system that will detect the particular retinal injury
at an early on stage. It suggests the utilization of morphological
businesses along with segmentation processes for the particular
diagnosis regarding blood vessels, exudates along with micro
aneurysms. A retinal fundus impression can be partitioned
directly into three sub images.
Then Halder et al. [12] presented a extraction with blood
vessels with retinal image gives beginning decides different
retinopathy diseases (diabetic retinopathy, injuries recognition,
abnormality recognition, lose blood recognition and also
macular degeneration). This specific feature offers concerning
the trouble with industrial noise as well as the blood vessels
showing up darker and also very small within the retinal
images. Srivastava et al. [13] has presented .the segmentation
associated with retinal arteries with the objective of providing
an intelligent nearby entropy thresholding based acceleration,
productive along with accurate retinal arteries and
segmentation approach by means of altering the typical
Gaussian formed matched filter revealed with some other
newspapers with literature. Another purpose is to distinguish
the particular slender arteries and combined with significant
circulation sections, which isn't taking into consideration in
some present arteries and segmentation methods with literature.
4. GAPS IN LITERATURE
The literature survey performed has found that the majorly
existing exudate segmentation techniques suffer from the
following issues.
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• The noise based issue in retinal vessel images is ignored by
almost all existing literature.
• Poor computational speed can also be considered as major
gap found in most of the retinal images.
• Transform based methods which can be used to improve the
speed of segmentation which was ignored in this.
5. PROPOSED METHODOLOGY
E. Proposed Methodology

F. Proposed Algorithm
Step 1- Firstly Initialize
Step 2- Then, Input the retina eye image which is to be
segmented
Step 3- Convert the inputted retina eye image into cellular
domain
Step 4- Next step will involve applying an Adaptive
Neighborhood Estimator Before Filling (ANEBF) Filter on
image
Step 5- Now Apply vessel segmentation to that image
Step 6- Then exudate the segmented image to have clear view
of retina veins in the eye image
Step 7 –Then, Apply morphological filter to exudated image
of retina eye
Step 8 - Evaluate the parameters on final output retina image.

6. EXPERIMENTAL SETUP AND RESULTS
G. Data Set Used : Chase data Set
The human being retina offers the possibilities to disclose
information pertaining to retinal, ophthalmic, and in some cases
systemic ailments such as type 2 diabetes, high blood pressure,
as well as arteriosclerosis.. The purpose is definitely assessed
within the openly accessible DRIVE as well as STARE listings,
commonly utilized for particular motive with a whole new
publically available retinal vessel reference dataset
CHASE_DB1 the subset with retinal pictures with multiethnic
children from the Child Heart and Health Study in England
(CHASE) dataset.

H. Visual Analysis
Input Image

Before applying Morphological Filter

Fig 2: (a)
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(b)

After applying Morphological Filter

(c)
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Fig 3: (a)

(b)

(c)

Fig 4: (a)

(b)

(c)

Fig 5: (a)

(b)

(c)

(c)
(b)
Fig 6: (a)
In all above figures, fig1(a)-fig6(a) shows the input retinal image, fig1(b)-fig6(b) shows the retinal image before applying
morphological filter , fig1(c)-fig6(c) represents the final output retinal vessel image after applying morphological filter. So ,
the output image is obtained using the following parameters:
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I. Sensitivity
Sensitivity is popularly known as true positive rate or
probability of diagnosis in certain domains

measures this ratio regarding positives which
are accurately recognized while in the image. It
is statistical measures of the performance of a binary
classification test

where Se is for Sensitivity, TP is for True Positives, FP
is for False Positives, FN is for False Negatives, and TN
is for True Negatives.

Sr.
No.

Sensitiv
ity

1
2
3
4
5
6
7
8
9
10

0.95739
0.95751
0.96874
0.96094
0.9644
0.9511
0.96749
0.96524
0.95521
0.96305

Accurac
y

Positive
Predicti
ve
Value

False
Detection
Rate

0.95971
0.96105
0.96528
0.96347
0.96604
0.95461
0.96795
0.96672
0.95756
0.96476

0.69107
0.72473
0.72318
0.71043
0.71155
0.67756
0.70083
0.67414
0.66223
0.67651

0.30893
0.27527
0.27682
0.28957
0.28846
0.32244
0.29917
0.32586
0.33777
0.32349

J. Accuracy
Accuracy can be stated as the measure of closeness of
measurements of a quantity to the same quantity's true
value. The more will be the value of accuracy, better
will be the outcomes. It can be calculated as

where ACC is for Accuracy, TP is for True Positives,
FP is for False Positives, FN is for False Negatives, and
TN is for True Negatives.

Fig 7: Analysis of Sensitivity

K. Positive Predictive Value
The positive predictive values PPV is the value of
positive results in statistics and diagnostic tests that are
true positive results, respectively. The PPV describe the
performance of a diagnostic test or other statistical
measure. A high result can be interpreted as indicating
the accuracy of such a statistic.

where PPV is for Positive Predictive Value, TP is for
True Positives, FP is for False positives, FN is for False
Negatives, and TN is for True Negatives.

Fig 8: Analysis of Accuracy

L. False Detection Rate
The False Detection Rate refers to a procedure
sometimes used when there is need to conduct many
statistical tests, all of which correspond to an
overlapping hypothesis. It is a technique of calculating
the rate of errors in null hypothesis testing when
multiple comparisons are considered.

Fig 9: Analysis of False Detection Rate
where FDR is for False Detection Rate, PPV is for
Positive Predictive Value, TP is for True Positives, FP
is for False Positives, FN is False Negatives, and TN is
for True Negatives.

© 2015-19, IJARCS All Rights Reserved

961

Naina Singh et al, International Journal of Advanced Research in Computer Science, 8 (7), July-August 2017,957-962

[4]

[5]

[6]

Fig 10: Analysis of Positive Predictive Value

[7]

7. CONCLUSION
Accurate vessel recognition performed in retinal images
is a significant and tedious process. Automated
segmentation of fundus image represents a significant role
in detection of eye diseases. Detection regarding vessel as
well as Retinal constructions mixed collectively may resolve
the issue regarding highly accuracy in segmentation
strategy. In this paper the effectiveness, designing and
implementation of Adaptive Neighborhood Estimator
Before Filling (ANEBF) is evaluated based on retina image
segmentation

[8]

[9]

[10]
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